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Lampiran 1 Data yang di standardized (Zskor)
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PM

PDRB

KRT

TPT

BAK

PSM

BSP

IPM

PHK

UMK

0.24241

0.30904

0.46582

0.70817

1.22355

0.28619

0.21557

1.95065

0.87888

0.67343

0.15821

0.24083

1.21476

0.35466

0.53245

0.18125

0.15091

0.87981

0.67363

0.25689

0.23852

0.23512

1.43052

0.37979

0.92127

0.22396

0.21114

0.14607

0.52436

0.54433

0.13099

0.26662

0.03268

0.72188

0.04096

0.19789

0.14355

0.34217

0.64565

0.28793

0.21793

0.27923

0.77828

0.90238

1.34123

0.20808

0.19111

0.59206

0.43107

0.77432

0.27514

0.28267

0.51044

1.05774

1.22932

0.26235

0.25768

0.96444

0.65498

0.28866

0.15423

0.09525

0.18892

0.19576

0.65129

0.15927

0.18407

0.27037

0.32845

0.19388

0.04244

0.06716

0.66508

0.61595

1.26162

0.09173

0.05218

0.10861

0.44042

0.23055

0.00855

0.06234

0.24596

0.32329

0.14715

0.02239

0.00953

0.54359

0.50186

0.50728

0.24329

0.27235

0.67663

1.32257

0.03865

0.23684

0.21666

0.17342

0.33394

0.87289

0.18015

0.19096

0.77084

1.29432

1.54314

0.13638

0.20751

0.80359

0.22198

1.13883

0.04986

0.43092

1.13382

1.41396

0.38362

0.55536

0.17208

1.02613

0.70711

1.55896

0.12212

0.03564

0.07148

0.53827

0.07326

0.08586

0.23681

0.04783

0.41792

0.13805

0.10002

0.28725

1.33628

0.47513

0.75974

0.21372

0.15676

1.95946

0.73894

2.14539

0.26648

0.29471

1.46276

1.64389

1.91233

0.25649

0.23897

0.42152

0.74827

0.80243

0.32819

0.32852

0.66172

1.25901

2.12232

0.32227

0.32576

0.70353

0.11003

1.34788

0.27634

0.30562

0.02524

1.51677

2.12116

0.30969

0.28858

0.03374

0.49638

0.35986

0.12178

0.13766

0.21036

0.01568

0.08482

0.09412

0.09422

0.11963

0.00741

0.42442

0.11923

0.09295

0.03023

0.34764

0.16787

0.17917

0.07279

0.53387

0.07271

1.56955

0.22542

0.25229

1.13292

0.84235

0.52092

0.24685

0.27083

0.20556

0.38442

0.06365

0.23894

0.25344

0.09224

0.48925

0.73551

0.22671

0.24715

0.55811

0.40308

0.01412

0.21691

0.14053

0.05412

0.21034

1.10933

0.22832

0.26941

0.13596

0.07656

0.64356

0.18807

0.16173

0.25836

0.46765

0.28555

0.20541

0.18912

0.18223

0.12323

0.42441

0.18862

0.31133

0.45341

0.33742

0.36401

0.29273

0.20883

1.85591

0.84156

0.85391

0.24607

0.32394

1.22716

1.33669

2.16039

0.32395

0.26088

2.04319

0.67363

0.38072

0.30088

0.29815

0.59316

0.88431

0.02019

0.31072

0.31328

0.62732

0.30979

0.90306

0.24047

0.27293

0.86508

0.52061

0.54399

0.27976

0.22279

0.46997

0.00192

0.25787

0.25116

0.24026

1.53308

2.12016

0.01211

0.23576

0.23218

1.75546

0.52985

0.88244




0.27389

0.29471

1.10652

1.58345

0.14826

0.27627

0.27079

0.96664

0.42723

75

0.75321

0.50018

1.35141

2.44571

1.85182

0.80012

0.56234

0.26673

2.24681

1.25754

1.67965

0.27579

0.25516

1.72652

1.12088

0.62475

0.23454

0.23825

1.12529

0.33394

0.47995

0.27278

0.29184

1.84803

0.69013

0.30978

0.24959

0.28529

0.97766

0.23131

0.26167

0.24047

0.29723

0.66756

0.15692

0.89242

0.29512

0.25024

0.32455

0.62699

3.03234

5.59096

5.39449

0.72956

0.49943

0.21748

5.53915

5.60033

0.21749

4.84934

0.88984




Lampiran 2 Syntax Uji Multikolinearitas pada software Rstudio

> View(datarevisiindahnew)

> read.csv("F:/datarevisiindahnew.csv'")

UMK

1 23
2560336

2 41.

2691808

3 23
2903042

4 47.

2830884

5 28.

2542836

6 16.

2668615

7 42
2695289

8 66.

2814735

9 73
2607089

10 22
2504195

11  36.

3070354

12 86.

3188592

13 101.

2711000

14 53
2146073

15 17.

2524033

16 4.

2370519

17 15
2648577

18  49.

2869292

19  49.

3191571

PM

.12

31

.96

19

41

05

.17

32

.64

.93

57

26

87

.88

92

59

.80

18

78

PDRB

0.

49

.68

.78

.23

.01

.95

.22

.71

.80

.13

.55

.40

.26

.87

.74

.15

.55

.48

.26

58.

61.

61.

56.

59.

58.

55.

53

55

58.

59.

51.

56.

61.

62

58.

56.

57.

56.

KRT

03

05

92

02

29

21

39

.47

.16

88

26

58

44

54

.05

82

05

00

03

TPT

.49

.50

.42

.54

.94

.50

.05

.24

.58

.75

.83

.50

.02

.15

.84

.93

.20

.54

.48

81.

65

78.

70.

82

81.

64.

59.

71.

70.

83.

67.

69.

77.

87.

88.

52

69.

69.

BAK

16

.94

54

91

.18

21

91

62

83

22

93

23

92

14

13

95

.17

82

10

PSM

74942

206000

152658

185218

172493

104719

233444

317794

460319

136573

262029

1125931

539583

165452

112029

29879

45588

314818

208595

BSP

17384

25745

17957

26696

20547

11939

21456

38509

44023

17243

18426

67505

75874

24988

14359

3137

7944

33074

35845

61.

66.

70.

69.

73.

75

72

70.

73.

71.

74.

75

71.

61.

68.

67.

70.

70.

68.

IPM

93

79

12

23

47

.16

.01

29

25

57

43

.44

00

89

87

59

63

24

36

PHK

67

89

105

92

115

91

126

114

215

197

185

237

206

82

81

173

108

162

169



20 26.

2767764

21 23
2753827

22 28.

2930970

23 34.

2869293

24 34,

2509536

25  22.

2642706

26 10.

3004000

27  23.

2822425

28  21.

2501519

29 16.

2537876

30 183.

3222557

31 15
2614781

32 16.

2676209

33 23.

3603246

34 1283
2499423

79 1.48 60.
.87 1.46 55
63 3.43 56.
86 3.06 55
74 0.45 57.
33 0.23 61.
49 0.68 53
54 1.12 59.
23 1.69 49.
32 0.74 51.
54 29.46 46.
.91  1.43 49.
56 0.79 48.
54 0.70 53
.29 100.00 53

72

.78

37

.11

98

10

.76

64

97

69

29

19

70

.46

.21

3.11

4.11

4.90

6.82

4.54

1.71

8.00

6.97

11.50

9.98

10.74

8.67

7.45

5.94

6.91

66.

76.

60.

68.

73.

51.

70.

65

70.

69.

63.

65

73.

62

68.

04

93

94

08

71

83

38

.84

45

27

62

.14

24

.82

67

124078 10243

149219 13301
147212 10423
175830 20804
66776 18259
27785 11525
44305 4750
82977 16451
137927 15236
87334 10244
1134643 79742
139445 14452
120647 8369
63815 12901

7350057 769342

69.

68.

71.

71.

62.

61.

73.

68.

78.

75.

80.

75

75

69.

71.

> data<-read.csv("F:/ datarevisiindahnew.csv", 6 header =

> matrik<-data.matrix(data)

> Y<-matrik[,c(1)]
> X<-matrik[,c(2,3,4,5,6,7,8,9,10)]

> MKT<-Tm(Y~X)

> Tlibrary(faraway)

> vif(MKT)

XPDRB

XIPM

65.217147

3.178770

XPHK
12.436160

3.94

1.44

XKRT

8039

XUMK
2006

XTPT

2.555124

XBAK

XPSM

85

25

40

61

36

51

63

65

75

17

98

.89

.22

31

77

120

118

153

148

71

89

128

161

218

207

296

197

186

94

681

TRUE)

77

XBSP

1.322292 304.118421 180.374784
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Lampiran 3 Syntax Regresi LASSO Menggunakan Algoritma LARS pada
software Rstudio

> View(datazskorrevisiindahnew)
> read.csv("F:/ datazskorrevisiindahnew.csv")

PM PDRB KRT TPT BAK PSM BSP
IPM PHK

1 -0.24241 -0.30904 0.46582 -0.70817 1.22355 -0.28619 -0.21557
-1.95065 -0.87888

2 -0.15821 -0.24083 1.21476 0.35466 -0.53245 -0.18125 -0.15091
-0.87981 -0.67363

3 -0.23852 -0.23512 1.43052 -0.37979 0.92127 -0.22396 -0.21114
-0.14607 -0.52436

4 -0.13099 -0.26662 -0.03268 0.72188 0.04096 -0.19789 -0.14355
-0.34217 -0.64565

-0.21793 -0.27923 0.77828 -0.90238 1.34123 -0.20808 -0.19111
.59206 -0.43107

-0.27514 -0.28267 0.51044 -1.05774 1.22932 -0.26235 -0.25768
.96444 -0.65498

-0.15423 -0.09525 -0.18892 0.19576 -0.65129 -0.15927 -0.18407
.27037 -0.32845

-0.04244 -0.06716 -0.66508 0.61595 -1.26162 -0.09173 -0.05218
-0.10861 -0.44042

9 -0.00855 -0.06234 -0.24596 -0.32329 0.14715 0.02239 -0.00953
0.54359 0.50186

10 -0.24329 -0.27235 0.67663 -1.32257 -0.03865 -0.23684 -0.21666
0.17342 0.33394

11 -0.18015 -0.19096 0.77084 -1.29432 1.54314 -0.13638 -0.20751
0.80359 0.22198

12 0.04986 0.43092 -1.13382 1.41396 -0.38362 0.55536 0.17208
1.02613 0.70711

13 0.12212 -0.03564 0.07148 0.53827 -0.07326 0.08586 0.23681
0.04783 0.41792

14 -0.10002 -0.28725 1.33628 -0.47513 0.75974 -0.21372 -0.15676
-1.95946 -0.73894

15 -0.26648 -0.29471 1.46276 -1.64389 1.91233 -0.25649 -0.23897
-0.42152 -0.74827

16 -0.32819 -0.32852 0.66172 -1.25901 2.12232 -0.32227 -0.32576
-0.70353 0.11003

17 -0.27634 -0.30562 -0.02524 -1.51677 -2.12116 -0.30969 -0.28858
-0.03374 -0.49638

18 -0.12178 -0.13766 0.21036 0.01568 -0.08482 -0.09412 -0.09422
-0.11963 0.00741

19 -0.11923 -0.09295 -0.03023 0.34764 -0.16787 -0.17917 -0.07279
-0.53387 0.07271

0 ON OOy Owv



20 -0.22542 -0.25229
-0.20556 -0.38442

21 -0.23894 -0.25344
-0.55811 -0.40308

22 -0.21691 -0.14053
0.13596 -0.07656

23 -0.18807 -0.16173
0.18223 -0.12323

24 -0.18862 -0.31133
-1.85591 -0.84156

25 -0.24607 -0.32394
-2.04319 -0.67363

26 -0.30088 -0.29815
0.62732 -0.30979

27 -0.24047 -0.27293
-0.46997 -0.00192

28 -0.25116 -0.24026
1.75546 0.52985

29 -0.27389 -0.29471
0.96664 0.42723

30 0.50018 1.35141
2.24681 1.25754

31 -0.27579 -0.25516
1.12529 0.33394

32 -0.27278 -0.29184
0.97766 0.23131

33 -0.24047 -0.29723
-0.32455 -0.62699

34 5.59096 5.39449
0.21749 4.84934

UMK
-0.67343
-0.25689
0.54433
0.28793
.77432
-0.28866
-0.19388
0.23055
-0.50728
.87289
.13883

© 00 N O Uvi A~ W N =
|
o

T
= O

I
= O

.13292

.09224

.05412

.25836

.45341

.22716

.59316

.86508

.53308

.10652

.44571

.72652

.84803

.66756

.72956

.84235

.48925

.21034

.46765

.33742

.33669

.88431

.52061

.12016

.58345

.85182

.12088

.69013

.15692

.49943

.52092

.73551

.10933

.28555

.36401

.16039

.02019

.54399

.01211

.14826

.80012

.62475

.30978

.89242

.21748

.24685

.22671

.22832

.20541

.29273

.32395

.31072

.27976

.23576

.27627

.56234

.23454

.24959

.29512

.53915
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.27083

.24715

.26941

.18912

.20883

.26088

.31328

.22279

.23218

.27079

.26673

.23825

.28529

.25024

.60033



>

>
TR

LA
Co
LA
LA
LA

1.55896
-0.13805
-2.14539
-0.80243
-1.34788
-0.35986
0.42442
1.56955
0.06365
0.01412
0.64356
0.42441
-0.85391
-0.38072

0.90306

0.25787
-0.88244
-0.75321

1.67965
-0.47995
-0.26167

3.03234
-0.88984

data<-read.csv("F:/ datazskorrevisiindahnew.csv", header

matrik<-data.matrix(data)
Y<-matrik[,c(1)]
X<-matrik[,c(2,3,4,5,6,7,8,9,10)]
MKT<-Tm(Y~X)

Tibrary(lars)

LARSS<-Tars(X,Y,type = c("lasso"),trace

UE,intercept = TRUE)

SSO sequence

mputing X'X .....

RS Step 1 : variable 6
RS Step 2 : variable 1
RS Step 3 : variable 9

added
added
added

TRUE,normalize

80

TRUE)



LARS Step 4 : variable
LARS Step 5 : variable
LARS Step 6 : variable
LARS Step 7 : variable
LARS Step 8 : variable
LARS Step 9 : variable
Computing residuals, RSS etc
> LARSS

call:

lars(x = X, vy
TRUE,

intercept

R-squared: 0.998

Y, type =

TRUE)

Sequence of LASSO moves:

BSP BAK PDRB UMK TPT IPM

var 6 1
Step 1 2
> coef (LARSS)

PDRB
BSP

[1,] 0.0000000
0.0000000

[2,] 0.0000000
0.6392656

[3,] 0.1762263
0.8154921

[4,] 0.1762508
0.8154757

[5,] 0.2012455
0.7952000

[6,] 0.2150135
0.7841461

[7,] 0.2301057
0.7721358

[8,] 0.2398665
0.7756291

[9,] 0.2425993 -0

0.7787957

[10,] 0.3247089 -0

0.9611664

N 3
s

KRT

.000000000

.000000000

.000000000

.000000000

.000000000

.000000000

.000000000

.000000000

.002545521

.005088365

vl N o0 M W N

added
added
added
added
added
added

KRT PHK PSM

& 4270 'db
7 8 9

TPT

.000000000

.000000000

.000000000

.000000000

.000000000

.001803608

.005395061

.005448673

.006689149

.009246902

c("Tasso"), trace
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TRUE, normalize =

BAK PSM
.000000000 0.0000000
.000000000 0.0000000
.000000000 0.0000000
.000000000 0.0000000
.000000000 0.0000000
.000000000 0.0000000
.004164851 0.0000000
.005517908 0.0000000
.005760185 0.0000000
.003883607 -0.2607777



[1,1]
[2,]
[3,]
[4,]
[5,1]
[6,]
[7,1]
[8,]
[9,1]
[10,]

> plot(LARSS)

2 3 4 5

1

Standardized Coefficients

> cv.lars(X,Y,K=5,index =

TRUE)

IPM PHK UMK
.000000000 0.00000000 0.000000e+00
.000000000 0.00000000 0.000000e+00
.000000000 0.00000000 0.000000e+00
.000000000 0.00000000 -1.000724e-05
.005950126 0.00000000 -1.123551e -03
.008282947 0.00000000 -1.123551e-02
.010117191 0.00000000 -1.115153e-02
.006398896 -0.01447986 -1.150310e-02
.005579546 -0.02117390 -1.229031e-02
.001125984 -0.02448410 -1.134275e-02
LASSO
0 1 2 8
A ——
.——'-/—'-f_'-)
B e - _-'- -:-" T‘ -—_ ¥ .“" " A A B A IS P e s
| | |
0.0 0.2 0.4 06 0.8
|betal/max|beta]

seq(from=0,to=1,1ength=100),plot.it
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Cross-Yalidated MSE

> plot(LARSS,xvar
c("coefficients"))

Standardized Coefficients

1.0 15

0.5

0.0

1 2 3 4 5

2

Fraction of final L1 norm

c("arc.length"),breaks

LASSO

= TRUE,plottype

Arc Length
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Lampiran 4 Syntax Uji Multikolinearitas setelah Dilakukan Analisis LASSO
menggunakan software Rstudio

> View(dataterbaiklasso)

> read.csv("F:/ dataterbaiklasso.csv")

O 00 N O Uvi A~ W N =

W W N NN N N NNDNDNNRRPRRP R R R R R R
R ©O ©W 0 N O U A W N B ©O ©W 00 N O U A W N R O

23

41.

23

47.
28.
16.
.17
66.
.64
.93
36.
86.
101.
.88
17.
.59
.80
49.
49.
26.
.87
28.
34.
34.
22.
10.
23.
21.
16.
183.
.91

42

73
22

53

15

23

15

PM

.12

31

.96

19
41
05

32

57
26
87

92

18
78
79

63
86
74
33
49
54
23
32
54

BSP

.21557
.15091
.21114
.14355
.19111
.25768
.18407
.05218
.00953
.21666
.20751
.17208
.23681
.15676
.23897
.32576
.28858
.09422
.07279
.27083
.24715
.26941
.18912
.20883
.26088
.31328
.22279
.23218
.27079
.26673
.23825

PDRB

.30904
.24083
.23512
.26662
.27923
.28267
.09525
.06716
.06234
.27235
.19096
.43092
.03564
.28725
.29471
.32852
.30562
.13766
.09295
.25229
.25344
.14053
.16173
.31133
.32394
.29815
.27293
.24026
.29471
.35141
.25516

UMK

.67343
.25689
.54433
.28793
.77432
. 28866
.19388
.23055
.50728
.87289
.13883
.55896
.13805
.14539
.80243
.34788
.35986
.42442
.56955
.06365
.01412
.64356
.42441
.85391
.38072
.90306
.25787
.88244
.75321
.67965
.47995

IPM

.95065
.87981
.14607
.34217
.59206
.96444
.27037
.10861
.54359
.17342
.80359
.02613
.04783
.95946
.42152
.70353
.03374
.11963
.53387
.20556
.55811
.13596
.18223
.85591
.04319
.62732
.46997
.75546
.96664
.24681
.12529

TPT

.70817
.35466
.37979
.72188
.90238
.05774
.19576
.61595
.32329
.32257
.29432
.41396
.53827
.47513
.64389
.25901
.51677

0.01568
0.34764

.84235
.48925
.21034
.46765
.33742
.33669
.88431
.52061
.12016
.58345
.85182
.12088

BAK

.22355
.53245
.92127
.04096
.34123
.22932
.65129
.26162
.14715
.03865
.54314
.38362
.07326
.75974
.91233
.12232
.12116
.08482
.16787
.52092
.73551
.10933
.28555
.36401
.16039
.02019
.54399
.01211
.14826
.80012
.62475
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32 16.56 -0.28529 -0.29184 -0.26167 0.97766 0.69013 0.30978
33 23.54 -0.25024 -0.29723 3.03234 -0.32455 0.15692 -0.89242
34 1283.29 5.60033 5.39449 -0.88984 0.21749 0.49943 -0.21748
> data<-read.csv("F:/ dataterbaiklasso.csv",header = TRUE)
> matrik<-data.matrix(data)
> Y<-matrik[,c(1)]
> X<-matrik[,c(2,3,4,5,6,7)]
> MKT<-Tm(Y~X)
> Tlibrary(faraway)
> vif(MKT)

XBSP XPDRB XUMK XIPM XTPT XBAK
34.264191 34.975869 1.360947 1.732967 1.594313 1.234829



Lampiran 5 Surat Izin Penelitian
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